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[EE ] Be: widnnd e FIEI 4140 (periprostatic fat, PPF) AYfiILIR A% ( magnetic resonance imaging, MRI) 5%
1R A BB RTF IRIEARIE AR (radical prostatectomy, RP) ARJGAILE K HFIME. Fik: RBIBIFHr201641H—20204F
12 e N R 2E B w2 — BE B ATRPAL 1 1449 ( TeAEAEE R B A4S R0 T 64 FNSOf] ) 8 IMRIEME | I IR A5 2 S B
Pigh . i B RATHATMRIFAH, BEBCEE W T2 A RS ( T2-weighted imaging, T2WI) . JREUINAUSAZ ( diffusion-
weighted imaging, DWI) . FWHRELZRE (apparent diffusion coefficient, ADC ) FIF R T2WIFH K%, {#iH3D slicer
413 04 FAET2WIRE Wi 37 G 34T = 4ETF-3) /0 BaPPF, I JHFAE4X A H i Feature Extractionfiill , 285 105 1554 W2 AR
TRPRFESR O B2 BUAR A E R . T2WIF IR 647MF51E, DWIFIADCIFSIH2I3 290 F#IE, T2WIBADWILA
ADCIFHNEIA 937 MR . I HEST R ARG 22, bl ) | BEBUIGTIE , e F  Z 4E BORmI 4R 14 ih 6 Thi AR
(area under curve, AUC) . WEBfEE . FHAETION(E AN S T EAE T AR A A E R . R T2WITPHIEIL
FHIEHERE AT I3AOAFAERR, YIZRHEAUC=0.982, MHAEAUC=0.912, X FT2WIHA DWIEADCF S BEBURHAEHE R FT 1204
MERIAY, JIZEEAUC=0.916, MIXHEAUC=0.814, X FDWIFIADCIT | BEHCRHEHET ATOMRFERIAL, JIZRAEAUC=0.94,
MHAEAUC=0.86, Zit: JETPPFIMRIEZGQLALFAAY, JUHIET2WIFFFIRAL X T-PCaffi B RPA G AR AU KA s i 1l
REST.

[RiR | A WHIRUE; s R BRI Atk %k,

HRES%S: R737.25; R4452  STEREREAS: A DOL 10.19732/j.cnki.2096-6210.2023.01.005

Prediction of biochemical recurrence of prostate cancer based on periprostatic fat MRI radiomics model ZHANG
Yufeng"?, LIU Dong', WANG Ximing', SONG Yang’ (1. Department of Radiology, The First Affiliated Hospital of
Soochow University, Suzhou 215006, Jiangsu Province, China; 2. Department of Radiology, Luodian Hospital, Baoshan
District, Shanghai 201908, China; 3. MR Scientific Marketing, Siemens Healthineers Ltd., Shanghai 200120, China)
Correspondence to: WANG Ximing E-mail: wangximing1998@163.com

[ Abstract ] Objective: To investigate the value of magnetic resonance imaging (MRI) radiomics parameters of periprostatic fat
(PPF) in predicting biochemical recurrence of prostate cancer after radical prostatectomy (RP). Methods: MRI images, clinical
information and follow-up results of 114 patients (without biochemical recurrence 64 case) and (biochemical recurrence 50 case)
who underwent radical prostatectomy (RP) in the First Affiliated Hospital of Soochow University from January 2016 to December
2020 were retrospectively analyzed. All patients underwent MRI scan before surgery. Transverse T2-weighted imaging (T2WI),
diffusion-weighted imaging (DWI), apparent diffusion coefficient (ADC) and sagittal T2WI sequences were selected, and 3D manual
separation of the fat area around the prostate was performed on the transverse T2WI images using 3D Slicer 4.13.0. The feature
extraction module of open-source software FAE is used to extract image omics features through 10 image conversion types and
7 feature extraction methods. 1 647 features were extracted from T2WI sequence, 3 290 features were extracted from DWI and ADC

sequence, and 4 937 features were extracted from T2WI combined with DWI and ADC sequence. The area under curve (AUC),
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accuracy, positive predictive value of the training set and the test set are determined by establishing the image omics model, machine

learning and model verification. Positive predictive value and negative predictive value were used to evaluate the quantitative

performance of the radiomics model. Results: The top 13 feature models in T2ZWI sequence were selected, with AUC of training set

was 0.982 and test set was 0.912. The AUC of training set and test set was 0.916 and 0.814 for the top 12 feature models with T2WI

combined with DWI and ADC sequences. The AUC of training set and test set was 0.94 and 0.86, respectively, for the feature model

with the top 9 selected features in DWI and ADC sequences. Conclusion: The MRI PPF radiomics model around prostate has a high

ability to predict biochemical recurrence after RP, especially the T2WI sequence model.
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A5 Bk ( prostate cancer, PCa) &%
AE 55 MR R UL W PE MR o B R RE BF AL A
(International Agency for Research on Cancer,
IARC) 4iif, 20184F4BRPCafi & BHE L1300
i, MOCIET-RE35.9T 6, WA B ALK T il
HRAASE R DURRAE o TR, P EIPCas
RELUH KBS, SRR N12.7% . H
Hi, PCatRiG7R (radical prostatectomy, RP) J&
IRITPCal 1L ik, (HEERPE 104EA 4R &
RAERFEHR2T% o B K SPCaBET RGN
AR, RPARJFIRKIGARATS. 7%, BHEL, S,
VOAFJCAE ARSI R AT R I 5N 98.1% . 83.1%
68.4% " . A RAALE KGR INZ M2 %
ETIRIRTIE . Gleason¥Fiy . LG AL Ay
e C G g N S SRR AR A B0 ), PR
S, HBRZ RS, EAERA NI U IR,
928 JRl LR W A2 g o b 2 Ahaf i R, A BT
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( magnetic resonance imaging, MRI) EE£& N
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1.1 —fEs
[B] Jii - 43 Hr20 1641 H—20204F 12 A 1 78

P 27 B 26— 5 BE B A 5 B i R N Bl 5 ¢
B, HZRPIFAMEFER AL R PCal
130%] . BV E20204F12H30H , HEBREH
1641, HEBR AR AL 45 A FiH2 52 3 o7 sl fb )T
BB HAEAE R, MRIEMGAEAE Db sl i 7
GIARGEHE . AR 52 WA IR AMBE 22 25 . B 6 PR
SRR L Ko AR R S 23 W IR AR 27 41 23 R 2 [F]
FrRUE, FERPA T 3% SR U LIS A8 s S e
( prostate specific antigen, PSA ) 7K-F=0.2 ng/mL
FE SN Ko AR 1140 R, Hidh A
b2 & BFHSOB], Fik (69+6.69) %, Riui
PSA 2.85~436 ng/mL, “F-3J44.53 ng/mL, K4k
RS Kl (152 11.64) NH; TR kR
H6al, A% (70.5+7.04) %, RETPSA 3.02~
201.4 ng/mL, *¥4#J23.29 ng/mL, JoE{bE &/
FERFE] (20.07 £ 13.44) D o FFEEHIET : 3
BEAL > P, 80T & Bl e BB, 3441
BEPOT RN, A 15014 5 & B R
19F1 AR BB .
1.2 BERHZE

K M 15 [E Siemens /s 7] f) Skyra 3.0 T MRIFH
FAL, VEPEARIE 1 818 1A AH AR AR B, AR R i
RN, 34 0 L6 45 58 L T 21 A SOBU S 4
EIGR A HE R AT el R AT R RA T2 A B A%
( T2-weighted imaging, T2WI) , i FHL# B
BE % P 5. HHE P51 S50 Wi i T2WI,
A (repetition time, TR ) /] B [H]
(‘echo time, TE) 2 500 ms/58 ms, /ZJ53 mm;
JARAIT2WI, TR 5300 ms, TE 102 ms, Z/&
4 mm, WE (field of view, FOV) 25 cm®, 4H
WE384 x 3365 WL IR BUNALELZ ( diffusion-
weighted imaging, DWI ) fii 2D [l V-1 A%
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FA3515, b=0 s/mm’F11 000 s/mm’, TR/TEN
5000 ms/72 ms, JZ/5 mm, FOV 20 cm’, 4f
4128 x 128, FMIKHEL R EL (apparent diffusion
coefficient, ADC) [EIfi FIb{E }10FI1 000 s/mm”H
5
1.3 BEGAEBRAZSHT
131 BABEAEL98 5

W R0 8 E FE AR AR S G R SE (picture
archiving and communication system, PACS ) A
R H R AR AL FIRE 6 T2W L 51 [B15 . DWI
(b=1 000 s/mm’) FIADCEH &% LIDICOM
feA T, HFTUMAUSEE (T1-weighted
imaging, T1WI) W28 A B Keih 2 M ARMH
5, MEIET2WI PPFECHIR G 5, AR
HET2WUFFN AT 2 0, TR S 4

Bt J2 LA T 2) 1 (R S 8R X (region of interest,
ROI) JFyAEfili, BT LAXS T RO G HE S HI-E# &
B RSO BEME R i 24 BAA 1S AR TAES
55 B 4 R UM Al 3D Slicer ) /4 F- 8 43 #)
Ft-f# I Resample Imagef B DWIFIADCE4 LA
T2WIAZ % AT UG E T RAE, S5 IERIROI—
[l i 20 HH ORAT

PEATROI 2 I i 2 E 5 . D ROIFIE
M4, RaA g X%, @ ROIK
IR AL N M2 SR, HEAETERS
W REREMR SRR 4555 X . B ROIFT#
HEE ek, WML L. SEATHLNZ )G &
MEMENER. @ L FRUT2WIZRIRT NS
%, L SHAIFERTH BRI R D X, A
ZHRIGIBRARI)Z T, TEILEL,

Bl EEAUELZMRELENELBEPPFAEEIR

A: TSR T2WIRSETIH A B: A mithAYROI; C: 3DSAKEIE; D: XN =4Es0RmE 2 ER (A~D: 762, JoAfbA Kk, FVinT
B394 H, ARHUIPSA 4.43 ng/mL) . E: HIFIRT2WIBHIAEIS; F: AW HAROL; G: 3DILREIGR; He XTRLH =4Sk T dd (%

(E~H: 62%, Bfivi21 A kLA E %, KiiPSA5.29 ng/mL) .

1.3.2 R4 FAFIEIR I

i FHHFAE ( FeAture Explorer v.0.4.3 ) k{4 M
107 UGS B RN 3 S [A) R AIE A4 2R ok 5 —$E B
B AR AR AE . o 10 RS AL 53 1)
HO JFEAREGSEARL; @ /N AR R I AR A
@ Er-hE R A A @ F IR AR

FH; & FHRUENE AR, © XEOE AR
Rl D FeEE ARSI @ AL AR
@ Yk )i AEAAE AL, 0 =4k )R (R
KB, 3BFHER R 50— ER R L B
PRERAE AR 2RISR ARAE . Horp S PR A 45 K
eI A [ ( gray level co-occurrence matrix,
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GLCM ) . KX K/ (gray level size
zone matrix, GLSZM ) | KEEFFEME ( gray
level run length matrix, GLRLM ) | JKEE{KHFE
% ( gray level dependence matrix, GLDM ) .
LRI K JE 22 43 56 ( neighborhood gray-tone
difference matrix, NGTDM ) . T2WIHEHU1 647/M4F
fiE, DWIFIADCFFSI$2HR3 290 MRHIE. X T2WIEK
B DWIKADCH 11 5 A BURFHEECH T2WIFIDWI
K ADCIFF LR, R4 937 4FHIE
1.3.3 A A4E s i B A B 4L 2

I T2WIF 4] . DWI+ADC 41 Fil
PO E KA 7 A e B 22 52 AR A SRR, R AR T
VAR © B Uk JIF 2 bR B Y TR
Q@ BB I GEMMLE; @ EEM
Pl bEoRAE, ffIE . AT, @ Bdst
fEH—4k; & 1 KR B AHE R %L (Pearson
correlation coefficient, PCC ) #4740 #E 4k,
FEREEE0.9; © fiiHEZ A&7 250 ik
(analysis of variance, ANOVA ) Fli# 4451
47, (recursive feature elimination, RFE) &
PRRRIE, BEFECR1~244; @ i SCRFm L
( support vector machine, SVM ) . #4E ]
(logistics regression, LR ) . He/Na X US4 Ak
AT (the least absolute shrinkage and selection
operator, LASSO ) [n[IHFIBEHLERAK (random
forest, RF) 4Fp73254%; A& S ST A2
NGUEE . A 19240 AR K 2R
1.3.4 HA LA L5 334E

HENL 3R AR AR S350 D A T2 W51 A
SEHYModel-T2 . LAIDWIFIADCHF #1#57 fModel-
A+DUI K PE G ST i Model-MAR Y . SR I A2

W TAEFHE (receiver operating characteristic,
ROC) M/ tritmAL AL ERE, THAROCH
A< 1 (area under curve, AUC) ¥
fridfb. FHRMERE . AUC. AUC 95% CI. B
PEFRINAE . PHAETOI(E . 52 B3 RN R S B R
fli % AR VERE o O R & BAY rh A
fETTHREE . DL Lt #Ei@ i Explorer Pro ( FAE Pro
V0.4.3) ST

2 4 R

21 IeRER

HHEPCat ZHRPARJGPSAK £r 45 ol 7y
BAEAE R AMTAAE KA FEVZEREEIE
Erp, A TR T, SR ERZE R
TG =L (P>0.05)
22 HBAFHMEERETSIER

TEEESOBIME IR (FHME - Bltk=
35:45) , HAMEBR3AGE B UEE (BHME -
FIPE=15:19) . IEERE LI, FESVME L
T, Model-T2#EH13FE . Model-M#EH9~
FRF . Model-A+DiE B2/ MR, Ry &)
FROEER, I SERRAR {4 A B e s I AUC,
ZRAEL, "R HBEBFSIANE, FIH AL
2 2y ik A ST AR 1 IO PR BBt R TR . FE3A
BRI, Model-T27E B ik 4 b AT LASRAS i 1Y
AUC., AUCHIHEREE5351i5510.800410.762, It
i, FEMNRAE [, Model-T2H AUCFIHERA 343 1)
IKE) T0.912F10.882, A AMMIFPEIALNF , H
AUC, R FRe SR m, BB AR
£ (1) .

F1 TREBGAFEEIELE L IISETHNEE

Fiit4ahn Model-T2 Model-M Model-A+D
e L 0.882 0.794 0.859
AUC 0.912 0.814 0.860
AUC 95%CI 0.793~0.993 0.648~0.941 0.708~0.979
ISH PS50 {1 0.857 0.833 0.850
F A Tt 0.923 0.750 0.857
R 0.800 0.800 0.800
FiSRE 0.947 0.790 0.895
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2.3 STERHE RSN E L

TR 0 R b s R TR P 5 R AE 8 HE 44
FEOL, 7S SO 45 Y [ R AE 28 850 0 A B BOH:
Y xHEIFHE, TEILER2. E45 AFSIAIROCIH
Zirh, Model-MAE T [1) 124 5L AG 41 2 - AF I

AUC=0.916, MiXHEAUC=0.814; Model-A+DF%
IO AR A 2RI R EAUC=0.94, Ii4E
AUC=0.86; Model-T2HE R 1 34 SR 2H “FHRAE
TN SVMELRY, BAA & i Il 25
AUC=0.982, MIiXEEAUC=0.912 (K2)

F2 SMIRBIEANFHEMNE LS

A4 B FHIEA TR FHFALE
Model-T2 T2_wavelet-LLH_firstorder Mean 1.093
T2 wavelet-LLH glem Imc2 1.016
T2 wavelet-LHL gldm SmallDependenceLowGrayLevelEmphasis 0.900
T2 wavelet-LLH _firstorder TotalEnergy 0.733
T2_squareroot_firstorder Minimum 0.662
T2 square_firstorder Minimum 0.580
T2 Ibp-3D-k glrlm RunPercentage 0.560
T2 lbp-2D_glszm SmallAreaEmphasis 0.544
T2 square ngtdm_Coarseness 0.470
T2 original shape MajorAxisLength 0.400
T2 Ibp-3D-k gldm LargeDependenceEmphasis 0.299
T2 wavelet-LLL firstorder Kurtosis 0.214
T2 lbp-3D-k_glszm_GrayLevelNonUniformity 0.017
Model-M T2_lbp-3D-k_glrlm_ShortRunEmphasis 1.240
ADC original firstorder TotalEnergy 0.887
T2 squareroot glszm_ GrayLevelNonUniformity 0.762
T2 lbp-3D-k_glszm_GrayLevelNonUniformity 0.681
T2_squareroot_gldm_DependenceNonUniformity 0.518
T2 wavelet-LHL gldm SmallDependenceLowGrayLevelEmphasis 0.510
T2 Ibp-3D-k gldm LargeDependenceEmphasis 0.417
DWI original glrlm RunEntropy 0.291
DWI_Ibp-3D-m2_firstorder_TotalEnergy 0.284
T2 lbp-3D-k_glrlm RunPercentage 0.239
T2 square_ngtdm Coarseness 0.146
ADC _squareroot_firstorder TotalEnergy 0.085
Model-A+D ADC original firstorder TotalEnergy 1.516
ADC_wavelet-HLH_ngtdm_Strength 1.201
DWI wavelet-LHH _firstorder Skewness 0.801
DWI log-sigma-1-mm-3D_glszm_SmallAreaEmphasis 0.68
ADC wavelet-LLL _firstorder Maximum 0.472
DWI_squareroot_glszm LowGrayLevelZoneEmphasis 0.444
DWI logarithm glem Idmn 0.336
ADC_wavelet-LHL gldm_SmallDependenceLowGrayLevelEmphasis 0.222
ADC wavelet-LLH ngtdm_Coarseness 0.203
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ROCHZk

ROCHIZk

e — JIZHEAUC=0982 N — JIZHEAUC=0916 = — I AEAUC=0.940
00 I e RAEAUC=0.912 00 il e MHAGEAUC=0.814 0.0+ = MRGEAUC=0.860
0.0 0.2 0.4 0.6 0.8 1.0 0.0 0.2 0.4 0.6 0.8 1.0 00 02 04 06 08 1.0
1A 1S 1 H

B2 HHEERGIZEMIXEAUCTTLL

A: Model-T2; B: Model-M; C: Model-A+D,,

AICAHFAT2WI, DWIFIADCE S EUY A%
SEREAE, WSR2 S RMRIZ G412 R PCaR
JE AR R BN AL RE . TR G2 A
BN, XPIZRAEDEAT T RFESEE, s
S IASEPAR B R A RE . ZEIRIR TAE T, &
AE TR A DR = Do A A S 4 8 S0 BT — 5 1 T
R, AHRAEPPAL I AR B, SR ) FAREEA
NARRFBEELL, SEOSWE R WA E
SEmA, T EAR RN R BRI Z [ A 25 5. il
e AU RR S [R] I AT AR L 25 Rl AR e
i, FRAN AT AL

wEgE T R B, PCalif 414 X PPEH
MM R -6RYFIB I =, FIAEJEPCaffi & PPF
B m B PCak R FH Z — . PCalfi & ARHT
MR & JF 351 51 B S8 B 07 1o AR i 4] A
I FLZ I ( peri-prostatic fat area to prostate area
ratio, PPFA/PA ) DLNARIRSE N R AT REA B T
T % 52 RP A E Bk a5 76 7%, DA TT A 7
607 SR W R T T R A A B 0
Bl e P Ca XU 43 J22 R A, b B AS 00 22 1 3%
B U SR TIREE S ST WA AT BT MR TR 4
E TR AR T - A A A R BORNAE SN A A SR R
R R A4F, TEMAEPCatt & i BhiG T 7 im 2
AEEWS, TR ERIT . Yandg 'Y

TR IR T —Fhid A I T TR 2% 2 il
A FRE B AR B PCa AL B R A, 7
ZAHUL S TR G EIERCR , B T Al
I RFE G (NCCN, CAPRA/-S% ) . Zhong
4 U1 BT 2 B RMR T 2 2 05 9 14 J5 B 4
PCaf8 F ML K, LRI AUCST
H740.99410.73 0 AHFIES Bk SRR IE— 2L,
BV S 2 2 B0 LU AB G A AR PERE L
LT X 890WI A S F T S B 7 58 H AT
LN, ARJEWELEE S AR 5 2 5 I8 B ARG
BUERPA G A A 5 & S fEf &=, 4F
W . AT SRR SR PR B L RS AR R ARV
( Gleason score, GS) SFHRHMEME LZEFT
GeiteEE L,

Model-A+DE IR BN RHET, — B4
THRHIE3AS, 5AEE A BACE SR BUN2.789,
SRR AR R 6, BAE RECH3.086, AUHE
e PR AE 3 3L TADCIE AR L, 53 51
ADC original firstorder TotalEnergy ( 3t F &
TRECHE SR B — B R AR AR R 10 B RE AR )
A Z%01.515; ADC _wavelet-HLH ngtdm
Strength, (& T/NEIEN KR AINGTDMIEK £
A BEARAAE ), ACE R ER1.201, 1d I i A Y
PIADCF A EME SO IR AL B R, Al fig S
ADCEI& FPPFEFEE S, HWNHIMES R L
PSS

Model-M#E A ZEDWIFIADCF 3 hin 1
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T2WIF4, AUC K HER B3 i Model-A+D
Hahn, wragE A AR E KB RETPPFIN
B MR 2, A ARG, DA R
T RN RSO L, ARRIEE B . TR
12ANFFE R, JEFT2WDFS A 84, B E
ZHN4.513, FUEEFE T2 _bp-3D-k_glrlm_
ShortRunEmphasis ( J&FT2WI =4k J5y &l —(E A
CUE PRI Y GLRLMAA 2 52 I A A7 P o
fiE) , BGERBCH1.24, TTRESE H T RGBT
WK T PCafz AL B AL A1 1Y H 2L FIPPF N §% 7% 11
WRES, (15 =4E R R EE R . T2WIF
SISCRAHER RN T, FEESREORT s
TSR R, BEUI2E T T2WIF 81 SOHARiF 45—
WY Gei IR 2 I 2, T RESC B T PPFIN
ARG T A AR P B I, DT 5 JF P 5 A i
[l 1) . ADC_original_firstorder TotalEnergy
(BT ADCIF A B —Br Gt HRHIE A SR SR BLRE
AR ) HerEER2fn, JEIN Al 2 ADCIF 31| PPF
ARG, HNFE A i A BN AL B
F, WEIE IR L, (A R AR 1) AL R
B

Model-T2#E Y () — B Gt ¢ fE A1 2 BEAFAE
Xof A A S R TN K AT BRI (EL . AR S LAY
I3NFRAE T, —Br SR ik 54>, ACE R R AL
H3.282; SUMFRAETAS, AUE SR AN 3.806.
He v R E A R HE 44 i 4457 187 Sy 0N il 7 e g
PRI RA AR, 3X ] BB 2 A A 52 % I ) i L
f6hr. HEA 1A T2 wavelet-LLH_firstorder
Mean ( 5T T2WUF /N8I 27 i) — B AR AE
ARSI MERFE ) FCRAE N 1.093; 55200
T2 wavelet-LLH_glem Imc2 ( ZEFT2WIF5/N
P B DA B GLC MR 2 B B R A5 8 I 2
4R ) AUE(EN1.0165 A EH3AIT2 wavelet-
LHL gldm SmallDependenceLowGrayLevelEmp
hasis ( FETT2WIF /N8 5 248 AU (0 ¢ 3
T A ZR 4R IR /MR I BE SR AR AIE ) AR AR
90.9 A BTN AR AR S K Y AU CRINERS L i
w, FEERATRERT2WIFS 5K & EER
W), XK RBUZRSS, /NIRRT TR
A4S I ) A RURR, AT RE A8 S IMLPPF P it 22 1L

ERAER T ARk Model-T24RELT 647445
fIE, Model-MEEH I FEAEE 4 9374, {HZ,
Model-T2WIH Y 2k 5 MK HAUCHS 2 5 T
Model-M, 4351°40.982F10.912, Mkl W, £
FE AR AR o] AEA T B ARAN SR MG AE B, (B fE
Hit Z P SRR RS, FRIE2S 4B &, 7E
R AE AR TR VR, T REALIN 28 Tk 4R B A
i, SRR ARSI v B ) AR S A
XF 3R, & B Model- T2 5 ] /5 Sy s B ifs
PRESIT#EAT B A= A6 52 & AR T H

AIFFEALAFAERIBRYE . O 1R A s,
BEARE /N, @ J& T IBHEFIE, &5 5 HhT 5
PEMRIUEHE AR A Sh A5 751, SR ECT
T2WI. DWIFIADCIFHHIRFE . 5 Skik n] L2,
BEZFIVRE (T RSB FH] )
AR Z 4 MEFHE . @ HTIL4EkPCa
RPFARIRERTE, ARRAEAME K EH T EE
TR LI IARIE Rk SRR I TR B, T
15 MBS WRRR I R, T B ZS S B — 2
e @ RUWAUHE T 2 S BMRUE R 0
KAATH, SRR A R G RBELE A R
RIPSASF N R LA 40T, I 540G R A 45
AT LM, DAAS 20 5 R e a . B 1 T
ghEIR

gi brd, RAAFEEG TS, FIHEG
2 2 ST AR R T M BE R AN TR o AR ST
3R, Model-T2 BRI Fi PCa sl HRP AR5
A K B ERE S AE, FTREUYPPF MR G4
“ERRIE S HO B I R B2 A T PCa R RPAR 5
AR R FIR A NS5 M.

(& % X W]
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